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Figure 1. The schematic diagram of a §¢-block.
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Figure 2. The schematic diagram of the PDE-Net.
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Figure 3. Prediction errors of the PDE-Net (orange) and Frozen-
PDE-Net (blue) with 5 x 5 (first row) and 7 % 7 (second row) filters.
In each plot, the horizontal axis indicates the time of prediction
in the interval (0,60 x 6] = (0,0.9], and the vertical axis shows
the normalized errors. The banded curves indicate the 25% & 75%
percentile of the normalized errors among 560 test samples.



Figure 4. The first row shows the images of the true dynamics. The
second row shows the images of the predicted dynamics using the
PDE-Net having 3 d¢-blocks with 5 x 5(up) and 7 x 7(down) filters.
The third row shows the error maps. Time step dt = 0.015.
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Figure 5. First row: the true coefficients of the equation. From
the left to right are coefficients of u, Uz, Uy, Uzz, Uzy AN Uy,.
Second row: the learned coefficients by the PDE-Net with 6 dt-
blocks and 5 x 5 filters. Third row: the learned coefficients by the
PDE-Net with 6 §t-blocks and 7 x 7 filters. Last row: the errors
between true and learned coefficients v.s. number of d¢-blocks
with different sizes of filters (5 X 5 blue and 7 x 7 orange).
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